Several welfare programs in the United States restrict eligibility to single-parent families. This paper asks whether eliminating this restriction for Medicaid encourages marriage.
As with some other welfare programs, eligibility for Medicaid has historically been restricted to singleparent families with children less than 18 years old. 3 Many studies have examined the links between welfare eligibility rules and family structure. Even though the effects of AFDC cash benefits have been well explored, my goal is to expand the discussion by 2 Previous research has mainly focused on the effect of AFDC cash benefits on marital dissolution. 4 For the most part, this work has found small, significant positive effects of AFDC benefits on female headship. See, for example, Danziger, Jakubson, Schwartz, and Smolensky (1982) , Ellwood and Bane (1985) , Moffitt (1990) , Hoynes (1993) , and Schultz (1994) . Moffitt (1992) provides a summary of existing work. Decker (1995) , who examines the initial introduction of the Medicaid program in the 1960s, is a 5 notable exception. providing empirical estimates of Medicaid's effect on marriage decisions. Most prior studies have been 4 unable to convincingly isolate Medicaid's effect from AFDC's effect because eligibility standards for the two programs had been highly correlated.
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I examine Medicaid's effect through a series of health insurance expansions, targeted toward children, which occurred in the 1980s and early 1990s. These expansions severed Medicaid's link to AFDC eligibility in two ways: by eliminating the requirement that a child live in a single-parent (or cohabiting) family to qualify and by increasing the income eligibility limit for Medicaid beyond the AFDC limit. I use the variation in eligibility across states and over time in the Medicaid program to identify Medicaid's effect empirically. While the state and time dimensions are quite common to recent studies in this area, the expansions also provide a true within-state comparison group by restricting new Medicaid eligibility to younger children and not older children. The data analysis uses all three dimensions to estimate Medicaid's effect.
I reach two main conclusions from the reduced-form estimates on the 1989 to 1994 March Current Population Surveys (CPS). First, the expansions significantly increased the probability of marriage.
Extending Medicaid to all children in a household is associated with an increase in the probability of marriage of 1.7 percentage points. Second, the Medicaid expansions also resulted in some women becoming divorced, since the reforms raised the Medicaid income limit for children in single-parent families beyond the previous AFDC limit. By restricting the sample to women with children who live in states with high AFDC eligibility limits (and should therefore not respond to this second effect), Medicaid's 3
The income eligibility limit for AFDC varies depending on the recipient's work behavior. The 6 limit is highest during the first four months of work, when the recipient faces a tax rate of 66 percent and a $30 monthly standard deduction. She faces a 100 percent tax rate and a $30 standard deduction for the next eight months. Finally, she faces a 100 percent tax rate and no standard deduction after twelve months of work. The limits in the text are calculated after twelve months of work while on AFDC. The variation in AFDC benefit levels has been used in previous work on family structure, including Ellwood and Bane (1985) , Hutchens, Jakubson, and Schwartz (1989) , Hoffman and Duncan (1988) , and Duncan and Hoffman (1990) . Several studies on family structure use the sum of the AFDC and Food Stamp guarantees, such as Plotnick (1983 Plotnick ( , 1990 , and Lundberg and Plotnick (1995) . Moffitt (1990 Moffitt ( , 1994 and Hoynes (1993) use the sum of the AFDC and Food Stamp guarantees along with the average Medicaid expenditure in each state. effect increases to 2.0 percentage points. In contrast to many recent studies, the economic and statistical significance of the coefficient estimates remains after including state fixed effects in the model.
The remainder of the paper is arranged as follows: Section II briefly describes the incentives that the welfare system offers for living arrangements and discusses its potential importance. It also explains in detail the recent Medicaid expansions for children. Section III presents the model and offers several predictions from the Medicaid expansions. Section IV describes construction of the data set from the CPS, and the empirical implementation. Section V reports the results. Section VI concludes.
II. INSTITUTIONAL BACKGROUND
A.
Background on U.S. Welfare Programs
The U.S. welfare system offers two benefits that are largely restricted to poor single-parent families with children: cash assistance through AFDC and health insurance through Medicaid. Before recent changes, a recipient would qualify for both AFDC and Medicaid by having income under a statespecific threshold. In 1992 these thresholds ranged from 27 percent of the federal poverty level (FPL) in Alabama to 113 percent in Arizona for a family of three. A second distinguishing characteristic of the 6 programs is that eligibility is related to family structure. Although the rules allow some flexibility for 4
As recent research has shown, eligibility for AFDC does not hinge on marriage per se (Winkler, 7 1995; Winkler, 1994, 1995) . Instead, children in stepparent families can qualify for AFDC too. Another way for two-parent families (in which both parents are biologically related to the child) to qualify for Medicaid is through AFDC-UP (unemployed parent) where the principal wage earner has a substantial attachment to the labor force. AFDC-UP has very restrictive work criteria, however, and recent Medicaid expansions might eliminate any advantage to joining this program. Children in two-parent families may be eligible under either regime, but the expansions do not involve the same restrictive work criteria. See Hoynes (1996) for more discussion of the AFDC-UP program and Winkler (1995) for evidence on its effect on family structure. Since the CPS data do not have very fine living arrangement variables (i.e., it is not possible to distinguish whether an unmarried man and woman are simply roommates or partners), this likely produces measurement error in my dependent variable. In addition, subfamilies (young mothers with children who live with their parents) also qualify for AFDC and are included in the analysis. See Hutchens, Jakubson, and Schwartz (1989) marrying, the couple's total income drops by $6,220, or 29 percent of their total income. Thus, the disincentive to marry could be substantial. The loss of Medicaid benefits accounts for a significant part of the total penalty. If both children were covered by Medicaid through the eligibility expansions used in Assumes child care expenses of zero since the mother does not work, work expenses of $300 per year for the male ($25 per month for public transportation), and Social Security taxes of $1,148 for earning $15,000. Note that food stamps are available to married couples, which partially offsets the loss in AFDC cash benefits for two reasons: Food Stamps taxes AFDC income at 30 percent in its calculation (so a reduction of $1.00 in AFDC income implies an increase of $0.30 in food stamp income) , and the food stamp benefits are increasing in family size. Medicaid benefit is "cashed out" at the average expenditure in the state for AFDC participants. Covering both children through Medicaid reduces the marriage penalty by $1,434.
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In Illinois, average annual Medicaid expenditure per AFDC child was $717 in 1991 (U.S. House 9 of Representatives 1993: 1664). Currie and Gruber (1994) examine the impact of related pregnancy expansions on prenatal care 10 and infant health outcomes.
this study, the penalty for marrying would decrease by $1,434 and the decision to marry may not be so discouraged.
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B.
Description of Medicaid Expansions
To separate the effect of Medicaid from AFDC on the decision to marry, I utilize a series of health insurance expansions targeted toward children which were implemented from 1987 to 1993. These expansions came in response to growing concern about increases in infant mortality and increases in preventable childhood diseases. Prior to these expansions, Medicaid eligibility was highly correlated with 10 AFDC eligibility. The expansions severed the link to AFDC eligibility by eliminating the need for a child to live in a one-parent household in order to qualify. In addition, the Medicaid expansions usually raised the income limit to qualify, even for children in one-parent households.
The federal government first allowed and later mandated states to expand Medicaid eligibility to a broader set of children. The Omnibus Reconciliation Act of 1986 (OBRA) gave states the option to implement the expansions to children less than 2 years old up to 100 percent of the federal poverty level (Currie and Gruber 1996) . The expansion in eligibility also increased coverage among children. By 1991, three million children were covered from these expansions (Yelowitz 1995) . Medicaid participation among all children rose by 6.7 percentage points between 1987 and 1992, and approximately 68 percent of this rise is due to changing the eligibility rules (Shore-Sheppard 1995).
The changes for children in married families were particularly dramatic. The fraction of covered children rose from 6.4 percent in 1987 to 11.8 percent in 1992 (Shore-Sheppard 1995). While part of this 84 percent increase in coverage is certainly due to covering newly eligible children in Source: Yelowitz 1995. Note: The age limit represents the oldest that a child could be (at a given point in time) and still be eligible. "Medicaid%" represents the Medicaid income limit for an infant (the maximum for an older child is less).
Since the AFDC system taxes nonlabor income at 100 percent, I do not include it in Figure 1 . 12 currently married families, it is possible that part of the increase is due to women becoming married. These trends in coverage offer promise in examining Medicaid's effect on marriage. The bold lines in Figure 1 illustrate the budget set facing a single mother before the Medicaid expansions. The AFDC system causes the budget set for a single woman to be nonlinear. When the mother does not work, her family collects AFDC, food stamps, and Medicaid. As she begins to work, her AFDC The analysis assumes Medicaid recipients do not pay for the cost of the policy change.
III. THEORETICAL EFFECTS OF MEDICAID
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The hours threshold is identical when the woman is married or single because her market wage 14 rate is assumed to be equal and the new Medicaid limit is the same.
The Negative Income Tax literature also discusses the "income" effect. The idea is that income 15 transfers help relieve financial difficulties and may therefore stabilize a shaky marriage-essentially income changes preferences. In the empirical work, I will not be able to distinguish between changes in preferences and changes in the budget constraint (in Figure 2 ), because I do not observe transitions to or from marriage in the CPS data. The parameter estimates should be thought of as a combination of the two effects. Since the "income effect" deals with outflows from marriage, while a change in the budget constraint deals with inflows to marriage, longitudinal data would be better suited for isolating these effects.
The variable MEDICAID% in Table 2 shows how the Medicaid limit varied across states and 16 over time for infants. In some instances, this limit is less than the previous AFDC limit.
The dashed areas in the figures illustrate the effect of the Medicaid expansions on the budget sets.
New {Leisure, Other Goods} bundles exist for the single mother in area ABCD, and for the married mother in area EFGH. In both figures, Medicaid eligibility now ends when she works more than H . One obvious ** 14 implication from changing the budget constraints in this way is that the expansions may encourage a single mother to become married. If so, she would now locate somewhere along the line segment EF in Figure 2 .
Without imposing some functional form restrictions on the utility function, however, the expansions have an a priori ambiguous effect on the decision to marry. It is possible that an initially married mother would prefer to become divorced and locate at a point on the line segment AB in Figure 1 . This could be construed as an "independence effect" caused by increasing the Medicaid income limit for a single mother (Groeneveld, Hannan, and Tuma 1980) .
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With new bundles on both budget sets, the effect of the expansions is theoretically ambiguous.
However, the design of the Medicaid expansions will allow me to infer the importance of the independence effect. Consider a Medicaid expansion that did not change the single mother's budget constraint, that is, in a state with a high AFDC income limit. If this is the case, then the area ABCD in Figure 1 does not exist.
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There are still new bundles for the married mother in Figure 2 , since her family did not previously qualify for Medicaid. Because the married mother could have picked any point on the single mother's budget set I classify a woman as single if she is never married, divorced, separated, or widowed. I restrict 17 the sample to households with at most ten family members, since some of the data on a state's AFDC program provides information only for families of ten or less. This is a trivial exclusion, and I retain 99.94 percent of the sample. I also include households where the woman lives in a subfamily. I use only children under age 15 because I would need to worry about their family structure decisions after that age. In addition, Table 2 shows that older teenagers were not affected by the expansions until very late in the time frame. The conclusions remain identical by using a shorter time period.
The details of the law changes were taken from publications of the Intergovernmental Health
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Policy Project.
It is much more difficult to estimate how the value of Medicaid services affects marriage decisions than to estimate the effect of eligibility. Much of the variation in Medicaid services will be subsumed in the state fixed effect in the regression analysis. before the expansions, she will not choose to become divorced afterward. By comparing states with high and low AFDC income limits in the empirical implementation, I will be able to isolate the flows into marriage from the Medicaid expansions. The implication from the budget constraint analysis is that the Medicaid expansions should have a stronger positive effect on marriage in high AFDC benefit states than in low AFDC benefit states. impute a month and year of birth for each child, since the CPS asks only for the child's age as of March of the survey year. To impute these, I assigned a month in the year that the child could have been born based on a random draw from the empirical birth distribution of the Vital Statistics data. Since eligibility is also a function of birth year and birth month (not just child's age), I imputed eligibility this way because I did not want to systematically assign all children in a birth cohort a particular birth month. I then use these imputations on children to create different policy variables that reflect the new bundles on the married woman's budget set.
ALLELIG is an indicator variable set equal to 1 if all the children younger than 15 in the family would be covered by the expansion if the woman became married, and 0 otherwise.
ANYELIG is an indicator equal to 1 if any child in the family would be covered by the expansion if the woman became married, and 0 otherwise.
Thus, a mother in Alabama with a 3-year-old and a 9-year-old would have ALLELIG and ANYELIG set equal to 0 in both 1988 and 1989. In 1991, this mother would have ANYELIG set equal to 1, because her 3-year-old would be covered under my imputation. ALLELIG would be equal to 0, however, because her 9-year-old is not eligible based on the state rules and time period. Finally, in 1993, both ALLELIG and ANYELIG would be equal to 1. Therefore, ALLELIG corresponds to covering the oldest child in the family, while ANYELIG corresponds to covering the youngest child. In the entire sample, the mean of ALLELIG is 0.38 and the mean of ANYELIG is 0.55. 20 zero, so the subsequent estimates may be viewed as lower bounds. Currie and Gruber (1996) discuss true changes in eligibility.
I include dummy variables for different levels of educational attainment because the CPS changed 21 its education variable in the middle of the sample. The classifications are: less than high school, some high school, completed high school, and any college. The rest of the table contains independent variables that will be used in different specifications.
The other explanatory variables include the mother's race, age, and educational attainment; an indicator for residence in a city; the number of children under age 6 and the number of children between ages 6 and 17.
Approximately 11.6 percent of the sample are black, 4.8 percent are other nonwhite, and the remainder of the sample are white. Nearly 9 percent are Hispanic. The average age of the mothers is close to 34 years.
Nearly 16 percent of these women did not finish high school, while 44 percent have some college education. Approximately 25 percent live in a city. The average number of children under age 6 and 21 between ages 6 and 17 are 0.7 and 1.2, respectively. Nonlabor, nontransfer income is $2,645 (in constant 1990 dollars). Thus, a large part of the sample is potentially on the margin for the Medicaid expansions. It is also a function of the child's state of residence (since states initially had the option of implementing the expansion), and the time period (since the expansions became more generous at the end of the period). By 22 conditioning eligibility on the child's age, the expansions created differences in the budget constraint even for families within the same state at a point in time.
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The ELIG variables use variation by STATE, TIME, YOUNGEST, STATE*TIME, 23 TIME*YOUNGEST, STATE*YOUNGEST, and STATE*TIME*YOUNGEST. Including the first-order interactions corresponds to the "differences-in-differences" estimator. Including all second-order interactions corresponds to the "differences-in-differences-in-differences" estimator. This model addresses many of the remaining concerns (for instance the changes in the EITC, which are subsumed with the TIME*YOUNGEST interaction). Finally, I estimate a model on mothers in the 25 largest states that includes all second-order interactions. By doing so, the effect of Medicaid eligibility is identified through the STATE*TIME*YOUNGEST interaction.
It is important to emphasize that the regression specification includes only a subset of variables that are thought to be important in analyzing the marriage decision. Since many of these "marriage market"
variables-such as the AFDC guarantee, the market wages of men and women, the number of marriageable men, and the unemployment rate-usually vary only across states and over time in previous empirical work, the specifications that include STATE*TIME interactions should control for these factors. In addition, several individual-level variables-such as religious affiliation and family background-surely help to explain marriage rates. Unfortunately, the CPS does not provide a very rich set of individual-level variables. In any case, the key point remains the same: the goal of this paper is to provide an unbiased estimate of the effect of Medicaid eligibility on marriage decisions. By using the three dimensions outlined above, I hope to purge the Medicaid estimates of any other state-or individual-level influences.
V. RESULTS FROM THE CPS
A. Basic Results Table 4 presents the basic results using the first measure, ALLELIG, whether or not all the children in the family were eligible. All specifications presented below include indicator variables for (1) and (2) and 71,803 for column (3). All specifications include STATE, TIME, and YOUNGEST child's age dummies and a constant term. All models correct for intercorrelations within each state-time-youngest cell. Probability derivatives are indicated with an asterisk in the adjacent columns.
I have estimated the models separately for whites and African Americans, since marriage markets 24 may look very different for these groups. In both cases, the results are similar to those reported for the pooled sample. In particular, the model that includes STATE*TIME interactions (Table 4 , column 2) yielded the following results: for whites the coefficient on ALLELIG was 0.0597 (standard error of 0.0178) and the probability derivative was 0.0155, and for African Americans the coefficient was 0.0420 (standard error of 0.0419) and the probability derivative was 0.0143. Since the coefficient estimates were quite similar, I pooled the sample. It is also possible, however, that African Americans simply respond differently to Medicaid policy changes. The CPS sample size limits my ability to make strong inferences on subgroups.
Moulton (1986) shows that ignoring these correlations may lead to the standard errors being 25 substantially understated.
The probability derivatives were calculated as follows. If a variable was binary, each individual's 26 probability of marriage was calculated with the variable first equal to 1 and then equal to 0. The difference between these predicted probabilities was then averaged across the entire sample. For continuous variables (mother's age, age squared, and number of children), the probability of marriage was calculated at the original value and that value plus 1. The difference was again averaged across the entire sample.
state, time, and the youngest child's age. The standard errors in all specifications are corrected for 24 heteroscedasticity. They also correct for any residual correlations within state-time-youngest age clusters.
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Recall that the predicted effect of the eligibility expansions is ambiguous. The first two columns include the entire sample in the estimation. The first column corresponds to the "difference-in-differences" specification. The inclusion of these dummy variables controls for other factors, such as national economic conditions or fixed differences across states in attitudes toward female headship, which may be correlated with ALLELIG. The second column, which additionally controls for STATE*TIME and TIME*YOUNGEST interactions, will be called the baseline specification. By including these interactions, I
control for the potential impact of AFDC cash benefits, the Medically Needy program, the EITC, and AFDC-UP on marriage separately from Medicaid's effect.
These two columns in Table 4 In alternate specifications, I have included the AFDC benefit for a family of four (in 1988 27 dollars). It should not be surprising that when both state and time effects are included, the AFDC benefit is extremely imprecisely estimated, because the impact of cash benefits on marriage is identified through changes in the guarantee within a state over time. Moffitt (1994) also finds that the correlation between female headship and real welfare benefits becomes much weaker when state-fixed effects are included. None of the conclusions about the Medicaid policy variables change by including the AFDC benefit variable, however.
still able to precisely estimate Medicaid's effect from the within-state variation based on variation in the age distribution of children, and from the rapid changes within a state over time in Medicaid eligibility.
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While the first column eliminates many of the obvious stories that could bias the results, it is important to note that the result on Medicaid is robust to a richer set of controls. In the second column, extending Medicaid coverage to the last child in the family significantly increases the probability of marriage by 1.7 percentage points. The other variables are largely self-explanatory. Being black has a large negative impact on the probability of marriage. In contrast, the other nonwhite indicator has a much smaller negative effect. Lower levels of mother's education decrease the probability of marriage. Residing in a central city has a substantial negative impact on marriage, and the number of children (of any age group) has a substantial positive impact on the probability of marriage. As columns (1) and (2) illustrate, the coefficient estimate on ALLELIG increases with the inclusion of STATE*TIME and TIME*YOUNGEST interactions. This suggests that unmodeled factors, such as changing economic conditions within a state, may bias the estimates in column (1) downward.
The last column of Table 4 restricts the sample to the twenty-five largest states. This restriction results in 71,803 observations, or 70 percent of the original sample. This final column includes all the covariates previously included, and also includes STATE*YOUNGEST interactions. While it was not feasible to perform this "difference-in-difference-in-differences" (DDD) specification on all states, the results show that at least for these states, the estimated effect of the expansions is still positive and
For the twenty-six states that I exclude, the number of observations in each state-time-youngest 28 age cell averaged less than fourteen observations, making it too difficult to precisely estimate Medicaid's effect.
significant after including these additional interaction terms. The point estimate falls compared to the 28 baseline specification, however. Extending Medicaid to all children in a family leads to a 1.5 percentagepoint increase in the probability of marriage. With one exception, the other covariates remain similar to the previous columns. The exception, "other nonwhite," switches from a negative to a positive sign. This category includes several races that have different propensities to marry and differ in composition from the national sample. Hispanics, who represent a larger fraction of the population in California and Texas, might have a higher propensity to marry (or a lower propensity to divorce) through their cultural upbringing. A similar argument could be made for Asians in California. Although the model directly controls for Hispanic ethnicity, part of the effect may still come through other nonwhite. Table 5 explores a second representation of the Medicaid law: are any children in the family eligible for the Medicaid expansions? Column (1) presents estimates of ANYELIG for the model that includes both STATE*TIME and TIME*YOUNGEST interactions (corresponding to the second column of Table 4 ). It is likely that the result should be weaker by not necessarily covering every child in the family with Medicaid. While this intuition is borne out by the table, the results on ANYELIG are still unexpected (given the results on ALLELIG). This measure yields results that are small, negative in sign, and indistinguishable from zero.
B. Alternative Parameterizations
One possible reason for the difference between the two measures could be that the effects of covering children are nonlinear. Many private or employer-provided health insurance plans offer different premiums for a single individual than for a family, but very few make a distinction based on the number of children in the family. If the mother was making the choice between purchasing private , 1989-1994 . Huber standard errors in parentheses. Sample size is 103,159 for column (1), 102,771 for column (2) and 71,803 for column (3) and 71,545 for column (4). All specifications include STATE*TIME and TIME*YOUNGEST effects and a constant term. All models correct for intercorrelations within each state-time-youngest cell. Probability derivatives are marked with an asterisk.
coverage and taking up Medicaid, then it is possible that partial Medicaid coverage for her children would be a very imperfect substitute for private coverage. To explore the difference between ALLELIG and ANYELIG further, column (2) restricts the sample to mothers with five or fewer children. This column attempts to examine where Medicaid eligibility matters by including indicator variables for whether each child in the family was covered. The variable "Oldest child eligible" refers to whether or not the oldest child in the family is Medicaid-eligible based on the state rules, time period, and child's age. The variable "Second to oldest eligible" refers to the second oldest child, and so on. Because I examine families with different numbers of children, I also include dummy variables for whether a second child was present in the family, a third child was present, and so on. The results in column (2) clearly demonstrate that covering the oldest child in a family is associated with a significant effect on marriage rates, while partial coverage has little effect. Covering the last child results in an increase in the probability of marriage of 2.4 percentage points. In contrast, the other eligibility variables are negative and insignificant. Most of the other covariates are of similar sign and significance to the first column. Although the point estimates on number of children aged between 0 and 5 and 6 and 17 are roughly the same magnitude as column (1), the standard errors rise considerably because of the inclusion of the dummy variables for presence of a second, third, fourth, and fifth child.
The third and fourth columns of Table 5 estimate the model that also includes STATE*YOUNGEST interactions, corresponding to the third column of Table 4 . The results of estimating this model using the twenty-five largest states lead to the same conclusion as before: covering the last child in a family has a significant effect on marriage rates, while partial coverage has little effect. This table has shown the different estimates of the three measures and why they may differ. The remainder of the analysis
In addition to these eligibility measures, I have constructed a family-specific "value" of the 29
Medicaid expansion, using the average Medicaid expenditure in the state per AFDC child and using the average health care expenditure per child from the 1987 National Medical Expenditure Survey. These two measures vary within a given state at a point in time because different families have different numbers of eligible children from the Medicaid expansions. I encountered some of the same difficulties that Blank (1989) and Winkler (1991) had-the average expenditure in Medicaid is severely measured with error, which likely biases the coefficient estimates toward zero. In all specifications, the values had a positive effect on becoming married, but were always insignificant. Since the CPS does not have good health measures, I was not able to construct an individual "value" along the lines of Moffitt and Wolfe (1992) .
See Cain and Wissoker (1990) and Hannan and Tuma (1990) for pertinent discussions.
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I selected the nine states (excluding Alaska and Hawaii) that had an AFDC benefit of at least 31 $500 per month for a family of three in January 1988 (U.S. House of Representatives 1988: 416-417). These states were: California, Connecticut, Massachusetts, Michigan, Minnesota, New York, Rhode Island, Vermont, and Wisconsin. I also selected nine low-benefit states that had an AFDC benefit of less than $250. These were Alabama, Arkansas, Kentucky, Louisiana, Mississippi, South Carolina, Tennessee, Texas, and West Virginia. After the appropriate institutional detail is accounted for, such as the "30 and 1/3 disregard," child care expenses, and work expenses, the AFDC limit can exceed the new Medicaid limit. Yelowitz (1995) discusses this detail.
will therefore focus on the first measure, ALLELIG, and include the same covariates as the model presented in Table 4 , column (2).
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C. The Independence Effect I next examine potential outflows from marriage, due to the "independence effect." This is motivated by previous research on the Negative Income Tax, which finds differences in divorce rates based on whether welfare benefits are awarded to the entire family unit (including the husband), or just to the wife. Recall that the expansions severed the link to AFDC eligibility by changing both income and family 30 structure requirements. Since increasing the income limit could lead to new bundles on the single woman's budget set, the previous estimates could understate Medicaid's true impact (because not all of the economic incentives offered by the expansions work in the direction of becoming married).
To control for this independence effect, I restrict the sample to those women in nine high AFDCbenefit states. For this group of women, the Medicaid expansions should have little impact on becoming 31 divorced. Since the expansions continued to offer new coverage for married women, they will still have an 31
The extent to which Medicaid is a substitute for other forms of coverage is controversial. Cutler   32 and Gruber (1996) find significant crowd-out effects of public insurance, but Shore-Sheppard (1995) does not.
impact on the decision to marry. Restricting the sample leads to 28,274 observations from high-benefit states. As a contrast, I also select 16,842 observations from nine low-benefit states where the effects of the Medicaid expansion could result in higher divorce rates by dramatically changing the single woman's budget set.
Columns (1) and (2) of Table 6 show the importance of the independence effect to the coefficient estimates. The first column restricts the sample to high-benefit states. The estimated marginal effect of ALLELIG increases to 2.0 percentage points, or around 10 percent higher than the baseline estimate in Table 4 . The second column shows that the estimated positive effect on marriage is somewhat lower for the low-benefit states relative to the baseline estimate. This lower estimate should be expected, because a
Medicaid expansion that increases the benefit of becoming single will likely result in more divorces. While these findings show that these outflows are important, the importance of the independence effect is smaller than in the findings of Groeneveld, Hannan, and Tuma (1980) .
D. Specification Checks
Several other checks were performed on the plausibility of the results. First, I address the robustness by examining a woman's insurance status. The Medicaid expansions should have little effect on a woman if she has health insurance through a private source. While the choice to purchase private insurance could be a function of public health insurance availability, looking at it may still provide further confidence on the basic results. We should expect to observe a larger effect of Medicaid by excluding 32 women with private coverage. Approximately two-thirds of the mothers had a source of private Schultz (1994) examines the interrelationship between marriage, fertility, and welfare benefits.
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He finds that both AFDC and Medicaid have negative effects that are sometimes statistically significant. However, in quantitative terms, there appears to be little effect of welfare on either marriage propensities or fertility. Yelowitz (1994) also examines Medicaid and fertility, and finds extremely weak effects.
The effect of childbearing will not necessarily bias the coefficient on marriage upward, however.
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If a newly eligible single woman responds to the Medicaid expansions by having her first child, the coefficient would be biased downward.
Although the distribution of a mother's age based on when her first child was born is more 36 appropriate (because having a child is a qualifying characteristic), I was not able to locate such data.
health insurance coverage and one-third did not. Columns (3) and (4) of Table 6 (which contain the same   33 independent variables as in the baseline model) show that the coefficient on ALLELIG increases from 1.7 to 3.4 percentage points for those without private health insurance. On the other hand, covering all children in a family has an insignificant effect on families with employer-provided health insurance, with a probability derivative of 0.1 percentage points.
A second important issue is that women might react to the expansions by having additional children. If this is so, the effect of Medicaid that I observe in the data may not be a "marriage effect" but rather a "fertility effect." Although Ellwood and Bane (1985) and many subsequent studies find no 34 evidence that higher cash benefits cause additional children, it remains important to examine this potential source of selection bias. To illustrate, consider a married couple without any children who react to the expansions by having a baby and enrolling the child in Medicaid. The family will then enter into my sample, and appear as if they are becoming married in response to the expansions, when they are not.
I address the childbearing issue in two ways. As Ellwood and Bane (1985) Medicaid increases in the probability of marriage by 1.6 percentage points, somewhat smaller than the baseline specification. This estimate would suggest that roughly 10 percent of the effect that I attribute to marriage in the baseline specification could be due to increased childbearing. As a second check, column (6) excludes infants. The results from this column show a smaller effect than the previous column, though the economic importance of Medicaid on marriage still remains. Extending Medicaid is now associated with an increase in the probability of marriage of 1.1 percentage points. Overall, these two columns suggest that previous results may be overstated because of selection into the sample through childbearing, but the conclusion that Medicaid encourages marriage still holds.
A final issue is that my main model does not include any income measure, which I argue is endogenous. By excluding income, my study follows methods similar to other reduced-form studies that examine AFDC cash benefits (e.g., Moffitt 1994) . Although the effect of income on marriage is itself interesting, the fundamental issue in the context of the Medicaid expansions is whether the Medicaid variable is correlated with omitted income after including other covariates (such as state, year, and child's age dummies), therefore resulting in omitted variables bias. Although intuition suggests that the "treatment"
and "control" groups are similar in many other respects (including the distributions of income), it is important to address this concern directly. Before saying what I did to address this concern, I should reiterate why income is endogenous. In related work (Yelowitz 1995) , I have shown these same Medicaid expansions affected the work and welfare choices for single mothers-thus labor and transfer income seem particularly suspect to include on the right-hand side. Nonlabor, nontransfer income is certainly less controversial to use than labor or transfer income, but arguments can still be made that it is endogenous.
With that in mind, I took four steps to check the sensitivity and robustness of the results to the inclusion of income. The results are in Appendix Table 1 and 2 and correspond to the model in Table 4 , column 1. First, I include nonlabor, nontransfer income directly in the marriage model. This income variable has a significant, negative effect on the marriage decision. More importantly for the purposes of my study, however, the effect of Medicaid eligibility still persists and is of similar magnitude to the model without income. This suggests that omitted income is not correlated with the ALLELIG variable (after including state, time, and child's age fixed effects). Second, I included predicted nonlabor, nontransfer income into the marriage model, given the concerns about its endogeneity. Columns (2) and (3) replace actual nonlabor, nontransfer income with its predicted value, using the OLS in column (2) to predict income and a probit in column (3) to predict marriage. Nonlabor, nontransfer income is predicted based on exogenous covariates-race, ethnicity, age, education, and central city residence. Again, the coefficient estimates in column (3) remain similar to the baseline specification. Third, I divided the sample into two groups, based on whether their total income was greater than 300 percent of the poverty line. This is meant to be a specification check, however, rather than an attempt to address concerns about the endogeneity of income. The expansions should not have much effect on wealthy individuals. This expectation is borne out in column (5)-Medicaid eligibility has no effect on marriage. On the other hand, significant effects persist in column (4), which includes women with total income less than 300 percent of the poverty line.
Finally, I modeled the (marriage, income) decision jointly, using a multinomial logit. I model the joint outcome as four different categories: married or unmarried, and low or high income (where I use a cutoff of 150 percent of the poverty line). The Medicaid expansions generally allowed single mothers to (a) increase their total income and (b) get married. Hence, mothers should have moved from the (unmarried, low income) cell into (unmarried, high income) and (married, high income) cells. Appendix Table 2 presents the results. Relative to the omitted category (unmarried, low income), the Medicaid expansions caused women to shift into the (unmarried, high income) and (married, high income) categories. This first finding is consistent with previous findings on single women (Yelowitz 1995) . The expansions did not cause women to shift into the (married, low income) group, however.
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VI. CONCLUDING REMARKS
In this paper, I have attempted to fill a gap in the literature by examining the influence of Medicaid on marriage. This paper has shown that extending Medicaid to all children in a family has a strong impact on the marriage decision, which stands in contrast to previous work on AFDC cash benefits. Using an exogenous source of variation to the mother's budget set and a large, representative sample, I estimate that extending Medicaid to all children in a family increases the probability of marriage by 1.7 percentage points. This finding is robust to the inclusion of state fixed effects. The magnitude of Medicaid also changes in sensible ways when the model addressed concerns about private health insurance and selection bias from changes in a mother's fertility. The estimates strongly show nonlinear effects of Medicaid coverage. The impact on marriage is concentrated in covering the last child in a household.
Previous work finds smaller effects of cash benefits on the female headship. Why does Medicaid matter while cash does not? There are several ways in which these findings can be reconciled. First, the potential husband may be less able to substitute employer-provided health insurance for Medicaid than wages for AFDC cash benefits. Second, the effect of welfare benefits on the decision to marry and the decision to divorce may be asymmetric. If negative connotations are associated with the latter, through some kind of "divorce stigma," then welfare benefits may not have as much impact. Third, Medicaid may be more highly valued than a small cash grant. Medicaid is kept in its entirety when on AFDC, whereas cash benefits are taxed away. Finally, if the stigma associated with Medicaid participation is smaller than the stigma associated with AFDC participation, then changing Medicaid policy could lead to greater responsiveness than changing AFDC policy. , 1989-1994 . Also controls for STATE, TIME, and YOUNGEST interactions and a constant term. Standard errors in parentheses. High income defined as total income greater than or equal to 150 percent of FPL. Includes same variables as Table 4 , column (1).
